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Wie entwickelt man ein Produkt?
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Quelle: Produktentstehungsprozess — Vom Konzept zur Serie. http://www.porscheengineering.com/peg/de/services/
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Wie entwickelt man ein Datenprodukt?

MODERN DATA SCIENTIST

Data Scientist, the sexiest job of the 21th century, requires a mixture of multidisciplinary skills ranging from an
intersection of mathematics, statistics, computer science, communication and business. Finding a data scientist is
hard. Finding people who understand who a data scientist is, is equally hard. So here is a little cheat sheet on who

MATH
& STATISTICS

Machine leaning

Optimization: gradient descent and

variants

DOMAIN KNOWLEDGE
& SOFT SKILLS

P: ate about the business
Curi out data
Influence without authority
Hacker mindset
Problem solver
ic, proactive, creative,
d collaborative

the modern data scientist really is.

PROGRAMMING
ASE

COMMUNICATION
& VISUALIZATION

e with senior
management

Story tellin
Translate d

Quelle: Marketing Distillery — the modern data scientist graphic.

http://www.marketingdistillery.com/wp-content/uploads/2014/11/mds_f.png
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Wie entwickelt man ein Datenprodukt? Zh
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Quelle: Industrielle Bildverarbeitung — ...ich sehe was, was du nicht siehst.
M 0 D ER N DA A SCI ENTI ST http://www.fraenz-jaeger.de/index.php/de/technologien-de/industrielle-bildverarbeitung
Data Scientist, the sexiest job of the 21th century, requires a mixture of multidisciplinary skills ranging from an
intersection of mathematics, statistics, computer science, communication and business. Finding a data scientist is

hard. Finding people who understand who a data scientist is, is equally hard. So here is a little cheat sheet on who
the modern data scientist really is.

MATH PROGRAMMING
& STATISTICS ASE

Machine leaning

Optimization: gradient descent and
variants

DOMAIN KNOWLEDGE

& SOFT SKILLS

P: ate about the business
Curi out data
Influence without authority
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Problem solver
ic, proactive, creative,
d collaborative

COMMUNICATION
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Quelle: Marketing Distillery — the modern data scientist graphic.

http://www.marketingdistillery.com/wp-content/uploads/2014/11/mds_f.png
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Schlissel: Die Wissenschaftliche Methode

Maschinelles Lernen in der Praxis
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Zugrunde ‘ggender Proze4s
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Quelle: Elfenbeinturm by Muller.
https://www.toonpool.com/cartoons/Elfenbeinturm_173927
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Das Arbeiten anhand der wissenschaftlichen Methode erlaubt die
Entwicklung relevanter und praxistauglicher Data Products

Applied Science ist also das Anwenden der wissenschaftlichen Methode
zur LOosung eines neuen, konkreten Use-Cases
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What is Data Science? Zh

Natural Language

Enables Data Products Feature Processing
. i Engineering
= Applied Science Information
=> Interdisciplinary Sciertific  Statistics Artificial el Big Data
Method Intelligence Data
Data Science := “Unique . Warehousin
blend of skills from Sirnaton Analyﬂcs Predictive - Databases
analytics, engineering & Modeling
communication aiming at Data & Text _ ) Data Management
generating value from the .. Machine Learning
data itself [..]1” Mining Meshups Business
(ZHAW Datalab*) Intelligence

Scientijfic

Programming Mindset curious
Complexity & creatWe
Parallel Processing D a ta S C I e n t I St expressive

business-
thinking

Technology Pragmaty D
/ Visualization

Cloud / Distributed Al't & Design

Systems

Impartation Communication
Privacy & Security _
Data Product Design

ICT Infrastructure Ethics &
valwes  ENtrepreneurship

Law

Service Engineering ~ Domain
Knowledge
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*) Stadelmann, Stockinger, Braschler, Cieliebak, Baudinot, Dirr and Ruckstuhl (2013). Applied Data Science in Europe . ECSS 2013, Amsterdam.



